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Fig. 1 Scheme of process for statistical pattern recognition
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Fig.2 Image of explosion fireball of JH-2 at 5.25 ms
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Fig.3 Relationship between pixels and levels in image

of explosion fireball of JH-2 at different time
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Fig.4 Curves of time vs area with intensive light

of the images of fireball of RDX type
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Table 1 Eigenvectors of training set B

. . A T as A pax T edian Aedian Tona

type of explosive /m” - ms /ms /m? /ms /m? € = € /ms
RDX(3) 2.57176 3.00 0.88214 3.00 0.88214 0.36802 0.13944 -0.02638 8.00
PBX-RDX(3) 5.21563 2.50 1.04230 4.00 0.99298 0.88914 0.00400 —-0.00913 11.00
JH2(3) 4.46180 2.75 1.10330 3.00 1.09297 1.34137 -0.18506 0.00475 10.50
JH6(3) 4.26259 3.50 0.79769 4.00 0.76347 0.44307 0.08991 -0.01267 11.50
C4(3) 8.64508 5.00 1.05998 6.00 0.99268 0.69468 0.08835 -0.00969 15.50
HMX(3) 2.51823 2.50 0.64633 3.50 0.54535 0.22216 0.15534 -0.02302 8.50
phlegmatized HMX (3) 3.10507 2.50 0.63123 3.50 0.55235 0.55775 -0.00885 —-0.00467 11.00
PBX-HMX (3) 2.82599 2.50 0.69753 3.50 0.60876 0.40764 0.08714 -0.0165 9.50
J0941(3) 2.18301 3.00 0.39967 4.00 0.34434 0.24519 0.03642 —-0.00558 11.50
JO11(3) 4.60331 3.00 0.85531 4.00 0.78138 0.67209 -0.00104 —-0.00478 13.00
B(3) 18.3060 5.50 1.92566 6.50 1.87245 1.00091 0.20449 -0.01661 17.50
TNT(3) 24.9801 4.50 2.02242 8.00 1.80432 1.37263 0.05978 -0.00524 25.50

Note: RDX(3) denotes the third explosion of RDX.
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Theoretical Study on Molecular Structure
and Crystal Band Structure of 4-Amino-1,2 ,4-triazol-5-one

YAN Biao', MA Hai-xia', SONG Ji-rong'~
(1. College of Chemical Engineering/Shaanxi Key Laboratory of Physico-Inorganic Chemisiry, Northwest University, Xi'an 710069, China;
2. Conservation Technology Department, the Palace Museum , Beijing 100009, China)

Abstract; The density-functional theory ( DFT) method of the Amsterdam density functional ( ADF) was used to calculate the
geometlry and frequency of 4-amino-1,2,4-triazol-5-one (ATO). The calculated results were compared through varying basis sets
and relativity effect. The geometry, Mayer bond orders, net charges of atoms, frontier orbital energy and the main atomic orbital
percentage were calculated. Results indicate that the basis sets in ADF program have a great influence on the calculation. Results
obtained by the basis set of TZP are good conformity with the experimental. The crystal field theory was used to calculate the energy
band structure and density of state (DOS) on ATO. The properties of ATO are similar to insulators.

Key words: physical chemistry; density functional theory (DFT) ; 4-amino-1,2,4-triazol-5-one (ATO) ; crystal band structure
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Pattern Recognition for Images of Explosion Fireball of

Condensed Explosives Based on Fisher Criterion

Yl Jian-kun' , WU Teng-fang®, PENG Jian-xiong®, ZHAI Guo-feng’
(1. Artillery Academy of PLA, Hefei 230031, China;
2. Engineering Institute of Engineer Corps PLA University of Sci. & Tech. , Nanjing 210007 , China;
3. Preparatory Office for Navy Unit of PLA, Beijing 100841, China)

Abstract: To investigate the feasibility of discriminating explosive type with RGB image of fireball of explosion, the curves of time
vs area with intensive light on the images were obtained on the basis of a lot of photographs of explosion of condensed explosive with
small dosage (30 g) by the high speed photography, and multi-dimension eigenvector space to describe firelight of explosion of
condensed explosives was built by using feature parameters of configurations of curves of area vs time. And finally the linear
three-type pattern recognition with optimal eigenvector was made by applying three-type Bayes’s decision rule and generalized fisher
criterion. The test data of TNT, RDX, HMX were discriminated. Results show that the inaccuracy is 10.07% of pattern recognition
built by the training set, while it is 17.48% of pattern recognition with using Jackknifing method in the total sample sets.

Key words; explosion mechanics; light of explosion; Fisher criterion; pattern recognition
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